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druid

Low-latency, distributed query execution and high throughput

High performance. e

R | . Event data (clickstream, network flows, user behavior,
e a 'tl m e . programmatic advertising, server metrics, loT...)

A Na |yt| CS. Counting, ranking, statistics...

Highly-available, time-sharded, partitioned, columnar, indexed,

D a t a b ase. compressed, versioned materialized view



The adoption and maturity of our technology




Modern Analytics Applications
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Where Immediate Intelligence matters...

Lots of users High volumes Time comparisons,

using it of fresh data and operations on
concurrently to act quickly high cardinality data

K>

Data-driven Network
applications performance

Exploring the /;
data in lots of @1

ways

Risk/fraud Clickstreams

:@ﬂ

Digital ads Data warehousing Metrics loT
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Architecture - Druid uses a microservice architecture

Query server Scalable & Resilient

- Ingestion
Broker - Data Management
- Query
Master server Data server / / \\
Historical Indexer Historical Indexer
Coordinator Streaming
data
Apache Batch
ZooKeeper o)

Deep storage



[0,1,2](11100000) Melbourne =0
[3,4] (00011000) Perth =1
[5,6,7](0000111) Sydney =2

Operate on
Compression Secondary indexes compressed data Late materialization




Engine and data format are tightly integrated
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Engine and data format are tightly integrated
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Engine and data format are tightly integrated
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Engine and data format are tightly integrated
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Engine and data format are tightly integrated
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Druid uses a microservice architecture

Query server

Broker
Master server Data server / / \\
Historical Indexer Historical Indexer
Coordinator Streaming
data
Apache dBB
ZooKeeper | B

Deep storage
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Scalable Data Ingestion
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Scalable Real-time Queries
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Scalable Real-time + Historical Queries
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Best Practice: Scalable Data Ingestion + Autocompaction
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Data Enhancement in the Pipeline - Kafka SQL
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Data Enhancement in the Pipeline - Other Tech
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Technology UseCases PoweredBy Docs Community Apa

Powered by Apache Druid

Add Your Company

There are numerous companies of various sizes in production with Druid. Some of them are listed below.

Adikteev

Adikteev is the leading mobile app re-engagement platform for performance-driven marketers, and is consistently ranked in the top 5
of the AppsFlyer Performance Index. By using Druid instead of relying on slow and stale dashboards, we have been able to achieve
internal productivity gains, make better decisions faster, provide our external clients with strategic advice to improve the performance
and effectiveness of their retargeting marketing campaigns, and notify clients quickly of potentially serious problems.

« How Adikteev helps customers succeed using self-service analytics

Airbnb

Druid powers slice and dice analytics on both historical and realtime-time metrics. It significantly reduces latency of analytic queries
and help people to get insights more interactively.

« How Druid enables analytics at Airbnb

« How Airbnb Achieved Metric Consistency at Scale

Airbridge

Airbridge is an people-based attribution and omni-channel campaign analytics platform helping marketers measure and optimize their
marketing campaigns. Thanks to Druid's data aggregation technology, marketers using Airbridge are able to receive real-time granular

reports regarding their campaign's performance executed across a variety of devices, platforms, and channels.

Alils b~



https://druid.apache.org/druid-powered
https://druid.apache.org/druid-powered
https://druid.apache.org/druid-powered
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We're happy you're here.

Apache Druid® is made powerful by its community. Thank you for being part of it.

‘This dormoin and the Druid Forum ar not affiiotod wih, endorsed by, or othorwiea amockated with the Apacho Softwars Foundation (A5F) or any of &3 projects.

MEET ASSIST EXCHANGE
Come together at community events, joi Ask questions and read community posts on Share your Apache Druid Pow

meetup gr in your area, stay informed everything from architecture to query and have developer discussions on the
on Twitter and talk live in ASF Slack design. developer mailing list.

Welcome! Do you have suggestions for improvements? Take a trip to Site Feedback and let us know what you think!

all categories » ‘ [ alltags » ‘ New() Latest Top Unread(l) Bookmarks My Posts

#~  + New Topic

Category Topics Latest
Announcements 35 Issue with numerical properties 3
M JobBoard M Articles M Events @ using Avatica JDBC driver

W Query M jdbc
Apache Druid Q8A
B Design & Architecture B Deploy & Configure
W Model & Ingest M Query
B Data Management B Optimisation
W System Operations

d GranularitySpec is not taken into

fnew account for a 5min 5
@ queryGranularity

B Model & Ingest

Community Cookbook 39

Guides and recipes that help you adopt and

operate Apache Druid, along with great stories
and reference architectures about how people
are using Apache Druid in the wild. [druid-userl Re: | wonder why the

@ Query telemetry for druid 0

W Query M data-analysis

Druid Forum “Tag Browser”

") druid



https://www.druidforum.org/tags

-DD druid Technology Use Cases PoweredBy Docs Community Apache

Apache Druid is a high performance real-time analytics database.

& Download © GitHub

Overview Upcoming Events

A fast, modern analytics database

Druid is designed for workflows where fast ad-hoc analytics, instant data visibility, or supporting high
concurrency is important. As such, Druid is often used to power Uls where an interactive, consistent user
experience is desired.

Easy integration with your existing data pipelines

Druid streams data from message buses such as Kafka, and Amazon Kinesis, and batch load files from data
lakes such as HDFS, and Amazon S3. Druid supports most popular file formats for structured and semi-
structured data.

Fast, consistent queries at high concurrency
Druid has been benchmarked to greatly outperform legacy solutions. Druid combines novel storage ideas,
indexing structures, and both exact and approximate queries to return most results in under a second.

Broad applicability Featured Content

") druid



https://druid.apache.org/

Q Why GitHub? Team Enterprise Explore Marketplace Pricing Search Sign in ‘Sign up‘

B3 apache [ druid  Public £\ Notifications Y7 star 1.3k % Fork 37k
<> Code (@ Issues 1.2k 1% Pull requests 151 ® Actions [ Projects 4 00 wiki © Security |~ Insights
Q is:pris:open © Labels 74 P Milestones 0 New pull request
{1 151 0pen + 7,512 Closed Author ~ Label ~ Projects ~ Milestones ~ Reviews ~ Assignee ~ Sort ~

Il warn when segment cannot be loaded by Historical nodes ® Area - Segment Balancing/Coordination
#11849 opened 4 hours ago by isandeep41 [ 3 tasks

Il [WIP] Add support for multi dimension range partitioning x
#11848 opened 13 hours ago by kfaraz [} 9 tasks

17 Add info for compation config dialog X Area - Web Console
#11847 opened 18 hours ago by andreacyc Q 1 task done

i1 Missing "Loader=yaml.FullLoader" parameter in generate-binary-license and generate-binary-notice py scripts On Qs
 Area-Dev
#11846 opened yesterday by davidferlay O 2 of 8 tasks

i1 Use a simple class to sanitize JDBC exceptions and also log them x Area - SQL [ K
#11843 opened 2 days ago by TSFenwick » Changes requested O 6 tasks done

b3

fixes validation error in helm chart templates license v (EimGharD) [mh
#11839 opened 2 days ago by isandeep41 - Approved E]/ 2 tasks

=

Optimize Method VersionedintervalTimeline.isOvershadowed from O(N) to O(logN). ® ' Performance
#11833 opened 5 days ago by hqx871 E‘, 9 tasks

pe

Refactor ResponseContext x Area - Querying

#11828 opened 6 days ago by paul-rogers O 6 tasks done

pe

Extract HyperLogLog into an interface X Area - Querying D3
: #11825 opened 6 days ago by Jimexist [ 9 tasks
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https://github.com/apache/druid

e Imply Why Imply Products Resources Developers Company & Values Q Talk to an Expert

Company Blog Engineering Blog Community Blog

NOV 22, 2021

Druid Nails Cost Efficiency

Challenge Against
JAN 5, 2022 -
P ‘ ClickHouse & Rockset
The Rlse Of a New I To make a long story short, we were pleased to confirm
Analytics Hero in 2022 that Druid is 2 times faster than ClickHouse and 8 times

4 Y faster than Rockset with fewer hardware resources!.
Read More = Read More =>

Imply blog “Community Spotlights” and “Discovery Series”

https://imply.io/resources/community-blog/ Confidential. Do not redistribute




Apache Druid® Ingestion

g
Apache Druid® Basics and Data Modeling

Druid is becoming the go-to
cloud-native answer to scalable
time-series data storage and
analytics. So, if you have time-
series data, you'll want to know
how to use Druid.

Data modeling is the key to
leveraging your Apache Druid®
database. Learn how to ingest
data into Druid data models
that are fast and scalable.

FREE 6 hr 30 min FREE

Beginner and Intermediate level lessons with accreditation exams

learn.im plyIO Confidential. Do not redistribute



© imply
Thank you

Apache Druid training and labs

learn.imply.io

Q&A, video library, and events

www.druidforum.org

Confidential. Do not redistribute. | ©2021, imply

5) druid Techology UseCases PoweredBy Docs Communiy Apache ST

Apache Druid is a real-time database to power modern analytics
applications.

=
« @ imply

Overview

fast, modern data i
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© imply

Imply Community Team
community@imply.io
Druid User Forum oy imply
https://www.druidforum.org
£ ) Druid Meetups
. https://www.meetup.com/pro/apache-druid/

=0, Apache Druid Slack
W  :dnid

©
in

.
=)

") druid’

Imply Training Program
https://learn.imply.io

Druid Professionals Group
https://www.linkedin.com/groups/8791983/

Druid News & Info
@druidio #apachedruid @implydata

Druid @ Imply
https;//imply.io/what-is-druid/
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The hot / immediate pipeline!
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Pure storage
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Druid

A Real-time Analytical Data Store

Fangijin Yang Eric Tschetter Xavier Léauté

Metamarkets Group, Inc com Metamarkots Group, Inc.
ianglm@metamarke\s .com
Nelson Ray Gian Merlino Deep Ganguli
il.com Metamarkots Group, Inc. Metamarkets Group, Inc.
gl deep@me\amarke(s .com

ABSTRACT
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Druid: A real-time analytical data store
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